






















































[image: ]

[image: ]



[image: ]

[image: ]



[image: ]

[image: ]



[image: ]

[image: ]

[image: ]

[image: ]


[image: ]

[image: ]



[image: ]

[image: ]


[image: ]

[bookmark: _GoBack][image: ]

[image: ]

[image: ]
19

image21.png
Simulering af nulhypotesen for et uatheengighedstest
Vi tager udgangspunkt i en spargeskemaundersggelse, hvor man vil undersgge
sammenhaengen mellem kgn og politiske ideologier.

| spgrgeskemaunders@gelsen skal den adspurgte bl.a. tage stilling til:

Hvad er din holdning til den felgende pastand:

“En vis grad af ulighed er gnskelig, fordi der nu engang er forskel pa folks indsats.”

o Helt enig o Neermest enig o Hverken/eller o Naermestuenig o Helt uenig

| en pilotundersggelse finder man fglgende resultater:

Kvinde Mand

Helt enig 12 24
Naermest enig 37 46
Hverken/eller 22 20
Naermest uenig 14 6
Helt uenig 9 5

Undersgg pa basis af tabellen den fglgende hypotese:
Der er ingen forskel pa maends og kvinders holdning til den ovenstaende pastand.
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Kartotekskort med de oprindelige rd data
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Kartotekskortene klippes i to halvdele
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Kartotekskortene omrores og seettes sammen igen!
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Observeret Kvinde | Mand | alt

Helt enig 12 24 36
Naermest enig 37 46 83
Hverken/eller 22 20 42 I
Naermest uenig 14 6 20
Helt uenig 9 5 14 [
| alt 94 101 195

- |«

"Observeret" 4
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Observeret Kvinde | Mand | alt Chi2_obs
Helt enig 12 24 36|
Naermest enig 37 46 83
Hverken/eller 22 20 42
Naermest uenig... 14 6 20
Helt uenig 9 5 14
| alt 94 101 195
Forventet
Helt enig 36.
Naermest enig -- 83.
Hverken/eller 42.
Naermest ueni 20.
Helt uenig -- 14.
| alt 94. 101. 195.
_ v
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| b10:c14 4 b
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Pilotundersggelse med en enkelt klasse med 18 elever,
der udspgrges om deres kon, alder og ugentlige alkoholforbrug:
Kon Alder Antal genstande Kon Alder Antal genstande

om ugen om ugen
15 0 "Dreng" 17 7
16 7 "Dreng" 15 3
18 8 "Dreng" 17 8
15 4 "Pige" 18 5
16 9 "Pige" 15 5
16 5 "Pige" 15 6
18 12 "Pige" 16 9
17 8 "Pige" 15 2
16 4 "Pige" 16 5
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One pioneer in computer—based approaches to statistical education is not a statistician but an economist. In 1967, Julian L.
Simon - now a professor of business administration at the University of Maryland in College Park — became convinced there
had to be a better way to teach basic statistics. This realization was triggered by his discovery that all four graduate
students taking his course on research methods in business had used "wildly wrong" statistical tests to analyze data in their
class projects.

"The students had swallowed but not digested a bundle of statistical ideas — which now misled them - taught by professors
who valued fancy mathematics even if useless or wrong," Simon says.

The experience led Simon to develop an alternative approach to teaching statistics. His method emphasizes intuitive
reasoning and involves using a computer to perform experiments on the available data - a process known as resampling —
to get meaningful answers to statistical problems. In his scheme, students avoid having to tangle with mysterious formulas,
cryptic tables and other forms of mathematical magic to get their results.

Science News, July 27, 1991 by Ivars Peterson




image38.png
Order

order online
printed form

Search www.resample.com About  Contact

Software

Excel
Matlab
XLMiner
Downloads

Books, etc.

Intro text online
Articles
Bibliographies

Courses

Intemet course

Teaching

Teaching With RS
Teaching Information
What Students Say
What Teachers Say
What Reviewers Say
What Authors Say.

Support

User Guides
Troubleshooting

About Resampling

For more than a century the inherent difficulty of formula-based inferential statistics has
baffled scientists, induced errors in research, and caused million of students to hate the
subject.

Complexity is the disease. Resampling (drawing repeated samples from the given data,
or population suggested by the data) is a proven cure. Bootstrap, permutation, and
other computer-intensive procedures have revolutionized statistics. Resampling is now
the method of choice for confidence limits, hypothesis tests, and other everyday
inferential problems.

In place of the formidable formulas and mysterious tables of parametric and
non-parametric tests based on complicated mathematics and arcane approximations,
the basic resampling tools are simulations, created especially for the task at hand by
practitioners who completely understand what they are doing and why they are doing it.
Resampling lets you analyze most sorts of data, even those that cannot be analyzed
with formulas.

The growing stream of scientific articles using resampling techniques, both as a basic
tool as well as for difficult applications, testifies to resampling's value. And the swelling
literature in mathematical statistics shows its acceptance on a theoretical basis, after
many years in the wildemess.

Solid research demonstrates that students taught resampling learn statistics more fully,
and actually enjoy introductory courses (see the Teaching section). They say that
resampling is the way that statistics should be taught. Read what students and
teachers have to say for themselves.
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